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Abstract

A growing body of empirical research highlights substantial changes in the US economy dur-
ing the last three decades. Business dynamism — namely job reallocation, firm entry and creative
destruction — is declining. Market power, as measured by markups and industry concentration,
seems to be on the rise. Aggregate productivity growth is sluggish. We show that declines in the
rate of growth of the labor force can qualitatively account for all of these features in a standard
model of firm-dynamics. Despite its richness we can characterize the link between population
growth and dynamism, markups and growth analytically. When we calibrate the model to the
universe of U.S. Census data, the labor force channel can explain a large fraction of the aggregate
trends.

1 Introduction

The U.S. economy is facing substantial challenges. First, a large body of work has documented a
decline in business dynamism in recent decades. The start-up rate has fallen substantially (Halti-
wanger et al. (2015)), job reallocation is down (Pugsley and $Sahin (2015)) and creative destruction
has declined. Second, new evidence is emerging that concentration ratios within industries, whether
measured by sales or employment, have increased markedly during the same time frame (Autor
et al. (2017)), as have measures of markups (De Loecker and Eeckhout (2017)). Lastly, save for the
LT.-fueled boom of the late 1990s, productivity growth has been sluggish for many years (Fernald
(2015)).

One leading explanation for the decline in the start-up rate is declining labor force growth, as pro-
posed in Karahan et al. (2016) and Hathaway and Litan (2014). At play are general equilibrium
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Figure 1: Labor Force Growth and Start-ups
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Note: Panel (a) shows the growth in the labor force of the U.S., with the raw series in blue and a HP-filtered trend component in red.
The data is sourced from the BLS, accessed through FRED. Panel (b) shows the start-up rate of new firm. The data is from the Business
Dynamics Statistics produce by the Center for Economic Studies at the U.S. Census Bureau.

forces. The primary way in which the economy accommodates an influx of new workers is through
firm creation. Labor force growth both expands demand and lowers wages, all else equal, raising the
incentive to start a new firm. When this slows markedly, as it has since 1970=5 (see Figure 1a), so too
will the rate of firm formation. Both the above papers use geographic variation in the age structure
of the population of the U.S. to test this idea, and find broad empirical support.

Using the lens of simple growth theory, we show that the implications of declining labor force growth
are much broader than the start-up rate alone. The fall in the start-up rate ripples through the econ-
omy. Incumbent firms find it easier to raise prices over time, unconstrained by young firms eating at
their market share. They also face less competition when they expand into new markets, and grow
larger as a result. Average firm size increases, the pace of job reallocation slows, and markups rise

across the economy. Lastly, creative destruction declines, and with it the pace of productivity growth
falls.

To show this, we present a new model of firm dynamics that is rich enough to match many first-order
features of firm growth. In particular, it allows for a fully endogenous determination of markup
growth over the life-cycle of the firm, as in Peters (2018). However, it expands the theory beyond a
unitary elasticity of substitution, and frees it from counterfactual scale effects, which is vital when
dealing with labor force growth. Nonetheless, it remains highly tractable, with tight analytic linkages
between labor force growth, creative destruction and markups. We show that declining labor force
growth can qualitatively account for all of the above trends.

We then use our theory to quantify the importance of this channel. We calibrate our model to match
key moments of the firm lifecycle, focusing on generating the life-cycle patterns of sales and markups

which appear in the data. This is of prime importance when considering the dynamic evolution of



the joint distribution of employment and markups, and sets us apart from other quantitative work
exploring the macroeconomic importance of concentration and market power (see e.g. Edmond et al.
(2018)). We examine the counterfactual implications of the model under the empirically observed
variations in labor force growth, and find they can account for a significant fraction of the observed

trends.

Throughout the paper, we take movements in the labor force to be largely exogenous to market con-
centration and firm dynamics. In the data, slowing labor force growth reflects three primary chan-
nels: an end to increasing female participation, declining prime-age male participation, and slowing
growth in the working age population (due to both falls in fertility and slowing immigration). In
Appendix A.1 we decompose the contributions of each of these channels to the declines observed in
Figure 1a, and find that female participation topping out is responsible for the early fall in the rate
of growth, and more recently slow population growth bears much of the blame. While a declining
labor share and rising market power may itself have implications for worker participation, here the
simplicity of taking these movements as given yields substantial insight into the changing patterns

of firm dynamics we see in the data.

2 Theory

2.1 General Environment

Time is continuous. There is a measure L; of identical households who each supply one unit of labour
inelastically. This population of households and hence the labor force is growing at a constant rate 7.
Studying the response of markups, growth and business dynamism to changes in # is the main focus

of this paper. Households have preferences over a final consumption good ¢, which are given by
u= / e P'In (c;) dt.
0

Final consumption is composed of differentiated varieties. As in Klette and Kortum (2004), we model
these varieties as particular product lines, which may be produced by multiple firms. Production
of the final good takes place in a competitive final sector, with output of the final good given by

combining intermediate product lines according to

N A\
Y, = /O (Zyﬁt> di| . (1)

fESi

Here N; is the number of active product lines, where these product lines are indexed by i. This
number evolves endogenously with the creation and destruction of new products. S;; is the set of
firms actively producing product i at time ¢, and time yy;; is the production of firm f in product
line 7 at time t. Note that this production function implies that the output of firms producing the
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same product are taken as perfect substitutes in the aggregation into final goods, but that different

products are imperfect substitutes, with the elasticity of substitution given by ¢.

Firms can be active in multiple product markets. Each firm is characterized by a portfolio of the
products they produce, denoted by ©¢ , and the productivity with which they produce each product
in their portfolio, indexed by {gyi}ico - We denote the number of products firm f produces by #y.

Production of each good uses only labour, and is given by

Yri = qrilgi ()

where [; is the amount of labour hired by firm f to produce product i.

Within product markets, firms compete a la Bertrand By standard arguments, each producer has
an optimal markup they would like to charge of -%; over marginal cost. However, the presence of
competing firms implies that the most efficient producer of the good will resort to limit pricing. If
they are unable to price at the optimal markup without inviting competition, they will set their price
equal to the marginal cost of the next most efficient producer of that good, who is then indifferent

between producing or not. Given the production function in (2), the markup charged in product i ,u;,

. o qi
'ui:mm{a'—llqic}' 3)

where ¢; denotes the productivity of current producer in product i and 4§ is the productivity of the

is given by

most efficient competitor.

It is easy verify that product-level sales py;, employment /; and profits 71; are given by

-1 o—1
_ ql L —0 ﬂ X R o l 1—0 @ -1
pYyi = Vz <wt> Yy, li = H; (wt> w’ Tt = (1 ‘ui> M; (w> Y. (4)

For the case of 4 = %5 these expressions reduce the usual expressions where profits and labor
payments are a constant share of total revenue, i.e. 7; = lpy; and wl; = “Lpy;. Because firms
produce multiple products, firm-level sales are py; = Z:Z 1 pyi (and for profits and employment

analogously).

Given the firm-level allocations in (4), we can also characterize the aggregate allocations. In particular

aggregate output Y; and the level of wages w; are given by

Yt = ./\/thtI\[tﬁLg3 and wr = Ath/LF
1 1
where Q; = (f q?_ldl-} (q)) = (Et [q?_l})ﬁl and

(fpt (9i/ Q) 1dz’)"%1
f.”l ‘71/Qt01d1

(5)
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The two aggregate statistics M; and A; fully summarize the static macroeconomics consequences
of monopoly power. Market power reduces both production efficiency (the misallocation term M)
and lowers factor prices relative to their social marginal product (the labor wedge A;). In particular,
a common increase in markups reduces the labor wedge A; but keeps the allocation efficiency M;
unchanged. The latter is affected by the dispersion of markups. Because our model generates the
distribution of markups endogenously, changes in the rate of population growth will directly affect
M, and A;.

Firm Dynamics and Aggregate Growth

Both firms’ productivities and the products they sell evolve endogenously. As in Garcia-Macia et al.
(2016), our theory allows for three sources of firm dynamics. These margins will at the same time
also determine the rate of aggregate productivity growth and the extent of market power. First we
allow for creative destruction by incumbents and entrants (as in Klette and Kortum (2004)). Creative
destruction occurs when either an existing firm or a new firm improves the productivity of a product
i, which is currently produced by another producer. Because the output of firms producing the same
product i is considered to be perfectly substitutable (see (1)), such productivity improvements result
in churning, whereby the old producer gets replaced.

Second we allow for own-incumbent innovation, whereby firms can improve the productivity g of the
products they are currently producing (see Atkeson and Burstein (2010) or Luttmer (2007)). In our
model, however, own-incumbent innovation will also be the source of increasing markups as existing

firms pull away from their competitors (see (3)).

Third, we allow for the endogenous entry of new varieties. This margin will be source of variety gains,
whereby firms can generate product varieties which are entirely new to the economy. As in Young
(1998), it is this margin, which implies that the model does not suffer from strong scale effects, i.e.

the endogenous growth rate is independent of the size of the population.

We formalize these decisions in the following way. We assume that productivity g evolves on a
quality ladder and each successful innovation represents a productivity improvement of A > 1.
We also refer to A as the step size. In order to expand into new products, both incumbent firms
and potential entrants make costly investments to choose a Poisson innovation rate. Conditional
on successfully creating a new product, this product can either be a new variety or it can improve
upon an already existing product from another firm. Importantly, we assume that the direction of
innovation is undirected. With probability a the product represents a technological advance over
an existing firm, increases the product’s productivity by A and forces the current producer to exit.
With the complementary productivity 1 — a, the product will be new to the society as a whole. We
assume that the quality of new products is given by "' = wg,, where w is drawn from a fixed
distribution I'(w) and g, = E; [q?’l} . Hence, as in Buera and Oberfield (2016), the productivity of
new varieties is determined both by the existing knowledge embedded in §; and by novel ideas. In

terms of innovation costs, we assume that incumbent firms pay a cost cX (X,7) in units of labour,
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Figure 2: Dynamic Decisions: Entry and Innovation
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Notes: The figure contains a summary of the dynamic decisions in our model.

where 1 denotes the number of products the firm is currently producing and X denotes the flow rate
of innovation. Entrants have access to a linear entry technology, where each worker generates a flow

of ¥ ideas.

Firm can also spend resources to engage in own-innovation and improve the productivity of the
products in their existing portfolio. For each product, firms can choose a Poisson rate I; to improve
the productivity for that product to Agys;. They pay a cost c! (I;, g;), which is again denominated in

units of labour. Figure 2 contains a summary of the innovation and entry decisions in our model.

Finally, we also assume that any product can die exogenously at a constant Poisson rate 6. If a product
line dies, the knowledge of how to produce it is lost forever, to all those who knew how to produce
it. Allowing for this possibility is not conceptually important but it gives us one additional degree of

freedom for our quantitative assesment.

Endogenous Market Power

A key aspect of our theory is that the distribution of markups is jointly determined with the process

of firm-dynamics outlined above. To see why, note that the assumption of the quality ladder structure
=y
of quality steps the current producer is ahead of the second most productive firm. We also refer to

A; as the productivity gap. Aslongas A; < A = %, markups are fully determined from limit

implies that the equilibrium markup in (3) is given by y; = min { A%i}, where A; is the number

prices and increasing in A;.

To see how the endogenous distribution of markups is determined, note the difference between suc-

cessful creative destruction and own-innovation. Suppose the current producer of product i has a
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quality gap of A;. If this firm is replaced by another producer through successful creative destruc-
tion, the quality gaps reduces to unity as the new firm is only a single step ahead of the erstwhile
producers. Hence, creative destruction reduces markups. In contrast, if the existing firm success-
fully increases its productivity through own-innovation, the quality gap increases to A; + 1 and so do
markups. Formally, our model of growth gives rise to an endogenous stochastic process of markups.
Let T denote the rate of creative destruction and let I; denote the rate of own-innovation. Within a

small time interval &, the evolution of the markup in product i is given by

A with probabilty 74;
Hit+s, = § Apir  with probabilty I;d; . (6)
pir  with probabilty 1 — (7 + L) &

Hence, own-innovation is akin to a positive drift for the evolution of markups, while creative de-
struction is similar to a “reset” shock, which lowers markups. We will show below, that the stochas-
tic process in (6) gives rise to a stationary distribution of markups along the balanced growth path,
which explicitly depends on the endogenous rate of creative destruction and own-innovation. And
because both these equilibrium outcomes respond to the rate of population growth #, a declining
rate of population growth will directly affect the equilibrium degree of market power. In fact, we

will show that lower population growth increases markups.

Equilibrium

Because firms’ innovation decision are forward-looking, we need to characterize the value function.
Given the expression for profits in (4) and for markups in (3), the state variables are [A;, g;]'_;. We
denote the rate of creative destruction per product as 7;. This rate is determined endogenously but
taken as given by existing firms. Consequently, the value function of a firm is given by

n n
nVe(dual) = Y (18ua) + 1o (e +00) [ Vi ([85087], ) =V (185,0)| + Ve ([80ad)
i=1 i=1
— Creative Destruction and Product Loss Capital Gains

Ptofits

n
+max)  § L | Vi ([A]‘/ 9] 18+ 1, Mi]) ~Vi ([8iqi)) | =" (L, i) i
=

Value of own innovation
+m§x{x[a / Vi ([Anai], 1, Aq) dF: + (1 — ) / Vi ([An 4], B, wiy) dT — V; ([Ai,qi])} — X (X,n) wt}.

Replacing an existing firm New variety

The free entry condition requires that the expected value of a successful innovation equals the cost

of entry
_ 1
zx/Vt (1,Aq) dF; () + (1 — ) / Vi (B, wiy) dT (w) = 0—Ewt.
q q



Finally, labor market clearing requires that the total population L; equals the number of production

workers LI and the number of workers engaged in own-innovation, incumbent expansion and entry.

2.2 The Main Result: Population Growth, Product Creation and Creative Destruction

In this section we derive the central result of this paper. We show that as long as the economy is
on a balanced growth path (BGP), lower population growth reduces the rate of entry and the rate of

creative destruction but keeps incumbents’ incentives to expand unchanged.

Consider a BGP where the firm size distribution is stationary and all aggregate variables grow at a

constant rate. This implies that the number of products N; has to grow at the same rate as the labor
force, i.e. _

Ni

n= N,

Furthermore, incumbents” expansion rate per product x and the entry flow per product z is constant.

7)

This implies that that the rate of creative destruction per product 7 is given by
T=a(x+2z2) 8)

as a share « of entry and expansion activities result in a replacement of existing firms. Similarly, the

evolution of the of the number of products N; is given by
Nt = (1 — DC) (X + Z) Nt — (SNt (9)
These three equations directly imply our main proposition.

Proposition 1. Consider a BGP. The rate of creative destruction T is given by

T = o (149) (10)

and the rate of incumbent expansion x and entry z are given by

1
= (Cﬁs) and z = 1= X. (11)

Hence, population growth increases creative destruction, g—; > 0, increases the flow rate of entry, g—f] > 0, but

leaves incumbent expansion unchanged g—; = 0.

Proof. Equation (10) directly follows from (7), (8) and (9). (11) is shown in Section B.2 in the Appendix.
O



Proposition 1 contains a key theoretical result of this paper: population growth is absorbed by the
economy’s extensive margin - entrants do all the work. And because entry is an important compo-
nent of creative destruction, population growth reduces the extent of creative destruction in equilib-
rium. Two assumptions, are driving this result. First of all, our assumption that entry and incumbent
expansion is undirected, implies that creative destruction is tied to the creation of new products.
Secondly, the fact that incumbent expansion x is tied to technology parameters (see (11)) while entry
z is determined residually follows from the assumption that incumbents” innovation technology is

convex, while entry costs are linear.

Armed with Proposition 1 we now trace out its implications. In particular, we show that lower
population growth by reducing creative destruction activities of entrants increases market power,

concentration and firm size but lowers the equilibrium entry rate and aggregate productivity growth.

2.3 Implications: Population Growth, Dynamism, Markups and Growth

To trace the implications of a reduction in population growth, we start our analysis with a special case
of the general framework above by imposing two restrictions. First of all, we assume that consumer
preferences take the Cobb Douglas form, i.e. ¢ = 1. Secondly, we assume the incumbent own-
innovation I is exogenous, i.e. existing firms improve the quality of their own products at a constant

rate.

This case is analytically attractive because we can solve the entire model in closed form. For our
quantitative analysis in Section 3 we are of course not imposing these restrictions. The key simpli-
fications of these assumptions are threefold. First of all, the limit price is always binding, i.e. the
markup in product i is given by y; = gq;//q5 = A%. Because markups are only constrained by the
limit price, we assume that newly invented products charge a markup A, i.e. as if they had a produc-
tivity advantage of a single step. Secondly, firm sales are not a function of productivity but only of
the number of products - see (4). This implies that we can tightly characterize the distribution of sales
and its dependence on #. Finally, our assumption that I is exogenous allows us to fully characterize
both the distribution of markups and the equilibrium growth rate in terms of parameters, including

.

Result 1: Population Growth and Market Power

We first turn to the effect of population growth on the equilibrium degree of market power.

Proposition 2. Consider a BGP. Define
n + 50
=In(1+ ———

Then:



1. The stationary distribution of markups is given by
G(u)=1—p w70
2. Aggregate misallocation is given by

_ it ()
M=e =y A= T Gy

Hence, lower population growth increases markups and increases misallocation.
Proof. See Section B.4 in the Appendix. O

Proposition 2 concisely links the rate of population growth to the stationary degree of market power.
Our model implies that the unique equilibrium distribution of markups is pareto distribution, whose
shape parameter - is increasing in the rate of population growth. Hence, lower population growth
increases both the level and the dispersion of markups.

This result is similar to the finding in Peters (2018), who studies a related model without population
growth and without the new variety margin. He shows that the pareto tail of the markup distribution
is determined by the rate of creative destruction T. Proposition 2 leverages this result and the fact that
in our economy, creative destruction is directly tied the rate of population growth. The intuition is
simple. Recall that creative destruction T lowers the expected time a given firm produces a particular
product. Hence, as in Jones and Kim (2016), creative destruction plays the role of a “death shock”,
which limits the extent to which incumbent firms can accumulate market power through successful
draws of own-innovation. The resulting stationary distribution of the stochastic process in (6) is the

pareto distribution of Proposition 2.

The second part of the proposition contains expressions for the macroeconomic consequences of mis-
allocation. In the case of ¢ = 1, the two statistics M and A only depend on the marginal distribution
of markups (see (5)) and can be solved in closed form. It is easy to verify that they are increasing in

v (7). Lower population growth increases misallocation through lower creative destruction.

Result 2: Population Growth and Aggregate Growth

As usual in models of Schumpeterian growth, in our economy creative destruction is an important
determinant of aggregate productivity growth. This already suggests an important channel why
lower population growth might indeed be detrimental for the rate of productivity growth. This

intuition is indeed correct.

Proposition 3. Consider a BGP. The growth rate of GDP per capita g is given by
g=In(A)(t+1I) =In(A) (&(17+50)+I> (12)
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Hence, lower population growth reduces productivity growth.
Proof. See Section B.3 in the Appendix. O

Proposition 3 shows why population growth is a driver of income growth: it affects creative destruc-
tion, which itself is an important component of aggregate productivity growth. Proposition 3 also
highlights additional effects, which are absent in this special case of our theory but present in the full
model. By assuming that I is exogenous, we abstract from any feedback between creative destruction
and incumbent own-innovation. In our full model, I will also be endogenous and hence respond to
changes in the rate of population growth. Furthermore, in the Cobb-Douglas case of the model, there
are no variety gains, i.e. growth in the number of products does not affect the growth rate of income
per capita. Again: variety will be present in our full model. We will show below that the relationship

between g and 7 is negative even once these additional aspects are taken into account.

Result 3: Population Growth and Firm Dynamics

Finally, we turn to the implications for the process of firm-dynamics. We are particularly interested in
the the effect of population growth on the start-up rate and average firm size. That lower population
growth indeed reduces the start-up rate and increases firm size, follows almost immediately from
Proposition 1: lower population is entirely absorbed by the entry of new firms. This naturally reduces
the entry rate. At the same time, incumbent firms face less competition from new entrants and hence

have an easier time to expand. In a stationary equilibrium this raises average size.

To make these intuitions precise, we need to characterize the distribution of firm size. For the sim-
plified case in this section, it is convenient to measure size by sales. As sales are proportional to the
number of products firm sell, we only need to characterize the stationary product distribution. In
Section B.5 in the Appendix, we show that this distribution is fully characterized by a simple set of
recursive equations. In particular, letting w; (1) be the mass of firms with n products, the number
of firms is given by F; = Y, w; (t). Stationarity requires that the number of firms grows at the rate
of population growth and that therefore v (n) = w; (n) /N; is constant. There we also show that
{v (n)}, is fully characterized by the set of equations

v(1)(r+x+é+n)—2 o
vint1)= <><2(T+5)> (m)y—v(n—1)(n—1) e
vimn(t+x+6)+v(n)n—v(n—1)(n—1)x .
(n+1)(11'7+5) ifn>1

together with the accounting condition ) ;v (n)n = 1.

Proposition 4. Consider a BGP and let {v (n)}, be the distribution of products. Then

aou(1)(r+9)
L= "
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1. Average firm size is given by

Lf-f'Lf _ 1 1] A an+5+(1—a)<p+<%)l> ((1—&)(p—(€§1)x)+m7+(5>+1x]
Fi Yov(n) 8z |A=1 (an+0+(1—a)(o+1)) (1-a) &l
where A is given in Proposition 2.
2. The start-up rate is given by N
ER = %t - Zj(n) 13)
Proof. See Section B.7 in the Appendix. O

3 Quantifying the Effects of Lower Labor Force Growth

In this Section, we quantify the impact of declining labor force growth on the trends we have out-
lined. We begin by showing the implications in the simple case discussed above, with Cobb-Douglas
aggregation and an exogenous innovation rate I within products. This captures several key patterns
well, including the growth in average firm size and the firm entry rate. We then move to the full
model, where the endogenous movement in own-incumbent innovation becomes key to generating

increases in markups that can speak to the rises we have seen at the economy wide level.

Our exercise is conceptually simple. We calibrate the model to a balanced growth path matching
key moments of the data from 1980, when labor force growth was 1.8%. We then vary labor force
growth by dropping it 1%, the magnitude of the decline observed until 2008, and trace out the impli-
cations for the entry rate, average firm size, markups and lifecycle growth in the sequence of BGP’s
parameterised by 7.

3.1 Calibration

A central element of our work is building a quantitatively accurate picture of the dynamic evolution
of sales, employment and markups at the firm-level. Here we show how these rich patterns are
generated from the interactions of a few key parameters. The model has an attractive recursive
structure which allows identification of these parameters sequentially, by matching central moments
of firm dynamics to their analytical expressions in the model.

The parameters we need to calibrate in the simple model appear in Table 1. All but two are deter-
mined internally for the simple case. One key parameter we fix is «, the share of products that are
stolen from other firms when a new product is created. In the full model, this parameter pins down
the level of the average markups that young firms charge, since it governs the fraction of firms that
immediately charge the monpolistically competitive markup upon creating a product. There is no
such analogous information in the simple case, and so we fix it ex-ante at the value we use in the full

12



Table 1: Key Parameters

Parameter Description Baseline Value Source/Moment

n Rate of labor force growth in 1980 0.018 Data from BLS

) Destruction rate of products 0.01 Entry Rate of 14 %

A Step size on quality ladder 2 Markup growth of 10% between 2.5 & 12.5 yrs
I Innovation rate of incumbents 0.79 Aggregate growth of 2%
Ux Cost of product expansion 0.11 Avg. sales growth of 50 % between 2.5 & 12.5 yrs
%43 Cost of entry 0.31 Avg. firm size of 20.5 from the BDS

4 Curvature of innovation cost 2 Expansion rates of incumbents (normalisation)
o Fraction of products stolen 0.5 Markups of young firms

model. The second is the curvature of the innovation cost function, {, which we fix at 2 so that cost
function is quadratic. This parameter is not identified independent of ¢,, which jointly determine the
rates of incumbent expansion. Crucially for our purposes, since incumbent expansion is unaffected

by variations in labor force growth (see Proposition , we can set one of these parameters freely.

We begin with determining the rate of creative destruction 7. Together with knowledge of the prod-
uct entry rate z, in the simple model this completely determines the growth rate of incumbent firms.
To see this, note that with Cobb-Douglas aggregation, sales of each firm is simply proportional to
the number of products each firm has, as in Equation (4). The arrival rate of new products x and
their death rate ¢ are linear functions of T and z, and are all that is needed to characterize life-time
sales growth (see Equation (??) in Section B.9 in the Appendix). We target an expansion rate of 50%
between ages 2.5. and 12.5, matching evidence from XXX. We also target a firm entry rate of 14%, the
rate in 1980 from the BDS, using the expression in (13).

This gives us numbers for T and z. From equation (8) we get the rate of product death §, and then
from (10) we can solve for the expansion rate per product x by incumbents. With this in hand, we
calibrate the innovation step size A to match the observed markup life-cycle growth. As we show
in Section B.10 in the Appendix, we can derive a closed form expression for the life-cycle profile of
markups. We target a growth in markups between ages 2.5 and 12.5 of 10%, using evidence from
XXX. The lifecycle profiles of sales and markups are shown in Figure (3). The average markups
across the firm age distribution is 1.1, in line with the cost-weighted average markup calculated by
Edmond et al. (2018).

Given this knowledge, all we need to determine the aggregate growth rate ¢ from Equation (12) is I,
the innovation rate of incumbent firms, which recall is fixed in the simple case. We set a growth rate
of 2% p.a., matching data from the decade of 1975-1985. The last thing to do is calibrate the expansion
cost ¥y and the entry cost ¢¢. The former is directly implied by the value for x, which has already
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Figure 3: Life-Cycle Growth Profiles

(a) Size By Age (b) Markups By Age
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Note: Panel (a) shows the growth in the labor force of the U.S., with the raw series in blue and a HP-filtered trend component in red.
The data is sourced from the BLS, accessed through FRED. Panel (b) shows the start-up rate of new firm. The data is from the Business
Dynamics Statistics produce by the Center for Economic Studies at the U.S. Census Bureau.

been set. The latter we choose in order to pick average firm size from (??), which we set at 20.5 from
the BDS. As we stress throughout, the entry cost has implications only for the number of operational

firms in equilibrium, not the entry rate or other lifecycle moments.

3.2 The Labor Force Slowdown in the Simple Case

Using the calibrated model, we now examine the implications of a 1% slow down in labor force
growth by comparing BGP’s and holding all other parameters constant. In the first panel of Figure
4 we show the effect on average firm size. In the model this rises by almost 11%. To see why, note
that incumbents expansion effort is unaffected by population growth. With the rate x unchanging
but the rate of creative destruction 7 shrinking, each product an incumbent has survives destruction
for longer. As a result, incumbent firms expand in every age bracket. The change in average firm
size almost exactly mirrors what is found in the data. In Appendix A.2 we show the time series for

average firm size from the BDS, which turns out to have risen 14% since 1980.

In the top right panel we plot the entry rate. This too experiences a decline which closely matches
the data. As discussed above, the economy absorbs all of the decline in labor force growth though
a slowing of new entrants per product, z. Now since all entrants are new firms, but existing firms
may have more than one product, the entry rate of new firms must respond more than the entry
rate per product. As such, we see a significant decline in the firm entry rate from a seemingly minor

reduction in labor force growth.

However, the simple case misses an important dimension of the data. Average markups at the prod-
uct level only rise by 1%, much less than the roughly 10% reported with cost weighting in Edmond
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Figure 4: Slowing Labor Force Growth- Simple Case
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Note: This figure compares central outcomes across BGP’s generated by keeping all calibrated parameters constant and varying #linearly
between 0.01 and 0.02.
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et al. (2018). Examining equation X, declines in labor force growth on the order we are studying
having only a minor direct effect on the tail index of the Pareto distribution for markups. Thus a

slowdown in creative destruction cannot directly be responsible for the rise in markups we observe.

Indirectly, however, there is an important second effect which appears when we allow I to be chosen
optimally. with each product expected to be around for longer before it becomes obsolete, the returns
to investing in improving the markup of that product are higher. As such, as #slows, firms will
increase their incumbent innovation. This serves as a second force depressing the Pareto index for

the markup distribution.

3.3 Moving to the Full Model

ANALYSIS TO COME

4 Conclusion

We have considered the implications of declining labor force growth in previous decades for a host
of troubling macroeconomic outcomes. Operating through a decline in the startup rate, a slowdown
in labor force growth causes a rise in markups and concentration. This may provide a new impetus
to look a the welfare costs of declining dynamism. Future work might consider optimal policies
that take into account the lifecycle nature of firms investment in raising markups, and ask whether

attempting to ameliorate these trends should be a goal for policymakers.
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A Empirical Analysis
A.1 Labor Force Growth Decomposition

ANALYSIS TO COME

A.2 Average Firm Size

Figure 5: Average Firm Size
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series in blue and a HP-filtered trend component in red. . The data is from the Business Dynamics Statistics produce by the Center for
Economic Studies at the U.S. Census Bureau.
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B Characterizing the special case with o = 1

B.1 Static Allocation and the Value function

Static Allocations This final good, which I take to be the numeraire, is a Cobb-Douglas composite
of a continuum of differentiated varieties

N
Y, = [n (Z yﬁt> di, (14)
0

feSi
where N; is the number of varieties available at time t. This final good is the numeraire. Hence, sales

per variety i are given by
Y,
piyi = ﬁtt

The mass of production workers is

N; Yt 1 N;
L :/ ldi = 21 (= 1)
P iz [ (Nt Ji=0 Hi )

Given that the final good is the numeraire, we have that

1 N ) 1 N 1.
wy = exp <Nt /—0 lnqitd1> exp (M /—o In p;, dz)

Hence,
N, 1
W 1 [N \ €Xp (N% fi:Banitldl>
Yt = ) No 14 LPt = exp ﬁ /_ h’lqz'tdl 1 Ni 1., Lpt
<ﬁ, Jizo#i dl) Lo <ﬁ, Jizo#i dl)
Let us denote the distribution of qualities g by F; (7) and the distribution of markups u by G; (u).
Then
= (1 /Ntl d')— </ I dF())
Qi =exp N Jiso ng;di | = exp R, nqdF; (q
and
exp l/Nt Inp'di) = exp /lny’lth (n) | =exp (E [ln;ﬁl})
Nt i—0 it it
[ = /u‘lth () = E ']
Nt i—o ' it
Then
Yi = QiMiLp (15)
wy = rmAt
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where

M= P (E |np')) and A= E [11].

E [7"]

Hence, along a BGP the growth rate of Y; is given by

8y =8Qt1

as Lp; grows at rate 7 and M; is constant in a BGP. Wages grow at rate go. Along a BGP it will also
be the case that the number of varieties N; grows at the rate of the laborforce, i.e

EN =1
The Value Function In the case of Cobb-Douglas demand, profits are given by

Ty = (1 _ )rAf> ;\% =1 (A).

Hence, the quality g is not a state variable. Again, it is easy to verify that the value function is

additively separable across products. Hence, consider a single product. The value function is given
by

PV (B) = Vi (A) = 711 (A) — (T +0) Vi (A) + 1 (Vi (A+1) — Vi () —l—m?x{th (1) - ;xgwt}.

Conjecture that V; takes the form

Vi (8) =+ (0 - pA~") Z;t

where B, 6 and « are to be determined. As Y;/N; and w; grow at rate g and r — g = p, we get that

Y, A—=1\Y, 1
_BAA) ) = LY A el _ ¢
(p+T+9) (Kwt—i—(Q BA >Nt> T (A) + IBA < 3 >Nt—|—m§1x{th(1) ﬁxx wt}.
Hence,
A\ Y Y L A=\ Y -1
_ T e R A i o A R 4 4
(p—i—T—i—(S)(Kwt—i—(G BA >Nt) (1 A )Nt+1m < - )Nt+ Yoy
where :
=
x = <le Vluftx)> ) (16)



Note x is constant along a BGP. Hence,

<P+T+5>Kwt = ngt
O
Y, Y, A—=1Y\Y,
—A t —A; t —A t
— JE G — 1— i) = I _ -
(o+7+0)(0-pAr )Nt (1-2 )Nt+ BA <A )Nt
This implies that
%—xlxé
K = ——
p+T+0
b — L
p+T+0
B — 1
p+T+o+ (A7) 1
Hence,
&Lyt 1 1 A\ Y
Vi(A) = — - P et —.
p+t+d \p+T+d pH+r+d+ (NI N
Note that (5) implies that
ﬁ_thPtl
Ny Nt A
Hence,
~1 _
ny — mEw (lererst () et tho)) v
prTHI \ (ptTHo)(ptTHo+ (1)) ) N
A-1
- 4= o0+1
S S | Y el Gk 270,17 P a7
p+T+0 | O p+T+(5+(T)I A
Free entry condition The free entry condition is given by
1
‘/t(].):@wl‘.
This has two implications.
1. From (16) we know that
1 1
= (& = (==* 18
(3% £ o
2. Using (17) we get that
1 Vi (1) 1 (-1, “S(e+7+3+1) Lp/N;
— = = X = (19)
0, wt p+1+0 Oy P+T+(5+(T)I A
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Note that this equation determines Lp;/N; in terms of parameters as A is fully determined in

Proposition 2.

B.2 Population Growth and Creative Destruction (Proof of Proposition 1)

From (7) and (9) in the main text it follows directly that

n= N~ (1—a)(x+2z)—0.
Hence, (8) implies that

T:uc(x—kz):%(n—i—é).

This is (10) in Proposition 1.

To derive (11), note that x is given in (18) and that

zZ =

T n+5_x
14

_le—a
B.3 Population Growth and Aggregate Growth (Proof of Proposition 3)

GDP pc is given by (see (15))

Along the BGP, M; and LL—T are constant. Hence, the growth rate of GDP pc is equal to the growth
rate Q;. Standard arguments imply that this growth rate is given by

_

B.4 The Distribution of Markups (Proof of Proposition 2)
The markup in product i is given by
pi = p(B;) = A%

To determine the distribution of markups we hence only need to characterize the share of products

with quality gap A, Wi (A).

Consider first W; (1). The law of motion for the mass of products with a quality gap of one is given

22



dW; (1)
dt

= —(0+I+7)W;(1)+7)_ Wi (A)+ Flow of new Products
A>1

= —(6+ T+ 1) Wi (1)+ TN 4 Flow of new Products,

where N; is the total number of products. Because products are created at rate (z 4+ x*) (1 — «), the
total mass of new products is given by

1—
Flow of new Products = N; (z +x*) (1 —a) = Nyt ( . zx> .

Hence,

dWi (1)
dt

1_
_ —((5—|—I—|—T)Wt(1)+TNt+NtT< a”‘)

= —((5+1+T)Wt(1)+%Nt

Now consider the mass of products with A > 2. The evolution of this mass satisfies the law of

motion:
AW, (A)

dt
Along the BGP W; (A) grows at rate 17. Hence, the above equations reduce to

=IW; (A—1)— (T+1+6) W (A).

I’]Wt(A) = IWt(A—l)—(T+I+5)Wt(A).

Define v;(A) = W; (A) /Ny = v(A) as the share of products with quality gap A. Then

n(l) = —((H—I—I—T)v(l)—f-g
nw(d) = Iv(A-1)—(t+1+06)v(A).

Hence,
1 T
1 - - @@
v() aotIlt+T+y
I
v = e A
It is easy to verify that
1t I A
V<A)_¢x1<5+1+r+iy> ’ (20)
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Note that

- R ()
AZ::l IXIAZ:l d+I+7t+7
as required.

From (20) we can derive the distribution of markups. Note first that

d

d I A Y
Pe<d = Rv®= 207 () :1_<1+'l_+5>

1z
al
= 1- :7+o)

= 1—e U

where L
_ Ui

Hence (treating the distribution as continuous), the distribution of log markups is given by

P(Inpu <m) :P<A§ %) =1—¢ Ta"

i.e. is an exponential distribution. The distribution of markups is therefore given by

_ ()
P(u<m) = P(lnu<lnm)=1-—e¢" B nm — g hnm

= 1—-m" %

where the pareto tail of the markup distribution is given in (21). The pareto tail is increasing in 77 and

decreasing in I.

B.5 The Firm-Size Distribution

We first derive the firm-size distribution, i.e. the distribution of products across firms. Let T + ¢
denote the rate of losing a product and x the rate of gaining a product and z the flow rate of entry.
Let w; (n) be the mass of firms with n products at time ¢. Consider n > 2. Then

wrn)=wrm—1)(n—Dx+w(n+1)(n+1)(t+0)— wi(n)n(t+x+79)

From n—1 ton products From n+1 ton products From n to n—1 or n+1 products

For n = 1 we have
wr()=zr+wr (2)2(t+6) —wi (1) (T+x+9).
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Along the BGP the mass of firms grows at rate 77. Intuitively: the distribution of firms across products
is stationary and the number of products N; is increasing at rate 7. Hence, the mass of firms is
increasing at rate 1. Hence, along the BGP we have

wi (1) = new; (n) .
This implies

nwi(n) = wrn—=1)n—-1)x4+wi(n+1)(n+1)(t+9) —wi(n)n(t+x+79)
nwe (1) = ze+wi(2)2(t+9) —we (1) (T+x+9).

Rewriting yields

0 = wn—-1)(n—1x+wr(n+1)(n+1)(t+6)—wr(n)n(t+x+6)—wi(n)y (22)

0 = zt+wr(@2(r+0) —w () (r+x+0) —w (1)y (23)
Th
- w(2)—“’f<1>(7+X+5+'7)—zt
e 2(t+90)
and
wni1) =@ OnErxtd) tamy-—w@-1) -1z
t - (n+1)(t+9)
These are all homogeneous in N;, the number of products. Let v (n) = %:7) and z = 1% Then
v (t+x+o+y)—z
v = 2(t+0) 24)
and
v(n+1):U(n)n(T+x+(5)+V(n)17—v(n—1)(n—l)x forn > 2 5)

(n+1)(t+9)

Recall that z, T and x are determined in closed form in the equilibrium. Given v (1), these equations

fully determine [v (1)],,,. We can then pin down v (1) from the requirement that

i v(n)n= i w;\gn)n = Yoo @ ()1 =1 (26)
n=1 n=1 t

Hence, equations (24), (25) and (26) fully determine the firm-size distribution [v (1)], ;-
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B.6 The Allocation of Labor
Solving for the allocation of production workers From the free entry condition in (19) we get that

1 1

9.  p+T+6

-1, e+t +6+1) Lp/N;
Oy p+T+6+ ()T A

This implies that

hu:Ap+T+5+CHUI<p+T+5_C—1¢>
N Al(p+t4+5+1) 0, BOx

Using that T = % (17 + 0), we get that

@:A A oan+0+(1—a)(p+ (352 1) ((1—a)p+zx17+(5_§—1x§>
N; A=1 (an+dé+(1—a)(p+1)) (1—w)d, Oy

1
Also, using that x = (%g—z) o (see (18) we get that

P et () - hen ()7 () - () ()"

Hence,

Lp; Aap+o+(1—a)(p+ (33D 1 /A—a)p+an+d6  [7-1
AR e e e TrE e ] v R SR

4
Note that
A fapto+(1-a)(p+ (T D | _ alap+d+(1-a)(p+1D)—(ag+é+1-a)(p+ ("))
&7 (an+6+(1—a)(p+1)) (a17+5+(1—oc)(p+1))2
_ a(l—a)tl

(ag+6+(1—a)(p+1))>*
Hence,

aLPé;/Nt>O,

A 2 (l—u(uipﬂ)twré
-
because a > 0 and —a

> 0.

Total firm employment Total employment by firms is given by

1

¢
19xx.

Lf™ = L{+Lf=L{ +N
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Hence,

Lfirm A anp+d+(1-a)(o+ (3D 1 (A-a)p+an+s (7-1 1,
No T MAST mro+ (- (p+ D) m( (1-a) (g )")WX"
1 Aap+s+(1—a)(p+ (3N (A—a)p+an+é  [(7—1 0,
B l%[A)\—l (an +6+(1—a)(p +AI) < (1-a) _< ¢ >x>+l9xx1
1 Aap+5+(1—a)(p+ (3N (A—a)p+an+6 (-1
m[AA—l raracapr (e (5 )x>+x]”>

B.7 Population Growth and Dynamism (Proposition 4)

The number of firms is given by

F = Zwt (n) = Nth (n)

Hence, the entry rate is given by
zN; z

Ft B va(i’l)

ER =

Average firm size given by

firm Lfirm
AvSize = = —
F N: Y, v (n)

_ 11 A oc;7+5+(1—zx)(p+(AA_1)I)((1—a)p+m7+5_(§—1
Yav(n)d: | A-=1 (an+d+(1—a)(p+1I)) (1—a) 4

where the second equality follows from (27). Note that LtF irm / Ny is increasing in 7." Note also that

(see (31))
_z—v(1)(t+9)

U

ZV

We conjecture that ), v (1) is increasing in 7.

IRecall that Lfi’m/Nt = Lp;/ Nt + ﬁ%xé and Lp;/N; is increasing in 7 (see Section B.6).
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B.8 Solving for) ’ ;v (n)

Note that many objects of interest only depend on Y37, v (n). The distribution [v (1)],, is fully
determined by (24), (25) and (26), which we replicate here for convenience
v (tHx+o+1n)—z
v(2) = 2(t+9) @8
vimn(ttx+d)tvmyp—vin-1)n-1)x

vint+1) = (1 51) (t 5 0) forn > 2 (29)

iv(n)n = 1L (30)
n=1

From (29) we get that
m+1l)(t+0)v(in+l)=v(n)n(t+x+6)+v(n)y—v(n—-1)(n—1)x

Hence, we sum both sides starting at n = 2, i.e.

i(n—kl)(r—ké)v(n—kl) = iv(n)n(r—kx—ké)—kiv( 17—21/ n—1)(n—1)x
n=2 n=2 n=2 n=2
(T+9) i n+lvin+1l) = (T+x+5)i (n)n+17iv(n)—xiv(n—l)(n—l)
n=2 n=2 n=2 n=2
(T—F(S)i v(n) = (T+X+5)§:2 (n)n—l—iyiv(n)—xiv(n)n
(T—|—5)i3 v(n) = (T—|—5)izv(n)n—i—xizv(n)n—l—iyizv(n)—xflv(n)n
0 = (T+(5)v(2)2+17i:2v(n)—xv(1)
Hence,
(T+5)v(2)2:(x—i—iy)v(l)—n;v(n)
Using (28), we get that
v(2Q)2(t+9)=v(l)(t+x+d+7)—z
This implies that
ey g Lv = v (e rxiot -z
so that .
Zv(n):z—v(lz(r—i—é)‘ 31)
n=1
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This is an equation for },” ; v (n) as a function of v (1).

To solve for v (1) and hence, Y, v (n), explicitly, we still need to exploit the requirement }_v,n = 1
in (30). Note that (31) does not use (30) yet. To do so, define

My, = Uun,

so that (30) requires that ) _,” ; m,, = 1. Again we start from (29), which we can write as

T+x+90 X
My :mn< — ) +Vnrj—5 _mnfl(r—i—é) forn > 2.
Rearranging terms yields
m, = m i—km & -V 7 forn > 2
e e I NI T =
Letting
T+9
x = <1
T+0+x
- <1
7 T+o+x
_ Ui
P T+o+x
we can write this equation as
My = My &+ My_1y — vy forn > 2.
Expanding this equation backwards yields
n . — .
My = amysr +oa Y " mp—ay" tmy — B Y " o + 9" tmy forn > 2. (32)
j=2 =1

Now let us sum this formula starting from n = 2. This yields

o oo n—1 ) o
Do = & Lo ba 5 0 my—ame Sl 35 0 o $ 07 69
n=2

n=2j=2 n=2 j=1 n=1
= aZmn+1+azzly” ]Hm—ﬁZZ'y j U]'+1+m117 —(xm21/y
n=2j=2 n=2 j=1 - -
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Now note that
oo} n .
YN T my = ymy+ (may? 4+ mzy) + (mpy® + y2msz 4 ymy) +
n=2

=2j=2

o . 0 . ot .
= ma) Y 4mzy Y +my) Y+
= =1 -1

_ Y
= S Lm

Similarly, we get that

n—1

E ' ZJ]+1 = U+ (’)’Uz + 03) + (’)’202 + yus + 04) + ..
n=2j

I
—_

= wn) Y+u) Y +..
=0 =0

= jnzvn

Substituting these results in (33) yields

(e 0]

(o] (o] 1 [ee]
;;mn:zxr;mnﬂ—kl“jryZmn—ﬁl_vgvn+mllj L

= A et

Add m; to both sides to get
My = & My41 + —— my — p—— v+m1<+1>—m2
n; ' n;Z ! 1—%;2 ! 1—7,1;2 ! 1—v 1—v

Add and subtract 1* m1 on the right hand side to get

ZmnzazmnﬂJrﬂZ ﬁzvn+m1< LA )— Ty
n=1 n=2 1_711:1 -7

1—9 1—o

Add and subtract am; 4 am; to the right hand side, which gives

c- 1 ¢ gt ay v
L PR e e e R R G I
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Now note that v; = my. Hence, add and subtract %vl to get

—
ay [ —— 1 ary B 1
1 = - P —— —a4 ) —a ——
S 1—7,2””*”11(1—7 1= “1—7) ”‘(1—7 "
_ ay B 1 B\ 1
- AT, 1—7,1;0”+m1<1—7 1—7+1—7> “(1—7 "
Now note that L
T x
T+o+x  t+4o+x T
This yields
B ¢ B
1 = - P — - -
&+ 1_71;71;1—1—”11 1= T—q my
B Y B
1—9 = a—-—L— S0 A -
% & 1_7;vn+ s iy ) —m
B« Y+B
0 = ——LC SLANRE i
1_77;vn+m1 1= m
Rearranging terms yields
B < <7+>
S m— 0 = m |\ —— | —Mmy
1—7;::1” 1—9
= 7+/5> 1—o
(% = m — my
n; ! ( B B

From equation (28) we have that

m (tT+x+06+n)—z

"= (t+90)
Using the definition of y and § we get that
11—y 1496
p U
Hence,
1—9 m (tT+x+d+n)—z
ny =
p U
This implies that
Y v = my <7+ﬁ B T+x—|—(5+17> s
n=1 ﬁ Ul Ui
Now recall that

Ul
Y+B o T i X+7
— - - )
ﬁ T+o+x n
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Hence,

Yo = m <x+17 _T+x+5+17> 41,
U U U

= —m <T+5> —I—lz.
n U

Remembering that m; = v1, we have

This is the same equation as (31) ....

B.9 The Life-cycle of Sales

.. Y . .
Note that sales is given by pys = ffny, i.e. sales are proportional to the number of products. Let
pn (a) be the prob that a firm has n products at age a. This evolves according to

pu(a)=(m—1)xpy_1(a)+ (n+1)(t+06) pu1(a) —n(x+7+96) pu(a).

Also, exit is an absorbing state, i.e.
po(a) = (1+0) p1(a)

This is the same equation as in Klette and Kortum (2004) but where the effective rate of creative

destruction is T + 4. In particular, the solution is as follows. Let

X (1 _ ef(r+(5fx)a)

Y (ﬂ) = T4+6—xX e—(t+o—x)a’
Then
T4+6
po(a) = ——7(a)

pi(a) = (1—=po(a))(1—7(a))
pn(a) = pun-1(a)y(a)

Now note the term 7 + J — x. We know that T = a (x + z) . We also note that (along the BGP) %T =
¢ + 1. Hence,

T+o—x=T+ IXT—U—XZ%T—T]—XZZ—U. (34)

Equation (34) implies a restriction on parameters. To make the firm-size distribution stationary, we
need that T+ — x < 0. Hence, along the BGP with a stationary solution, we require z > 7. If = 0
this is always satisfied. With # > 0, the entry flow has to be large enough. Intuitively: if there is too
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little entry, incumbents are “grabbing” all the additional products, which are available because of the
larger population size. This makes older firms larger and larger (conditional on survival). Note that

this terms also shows in the flow equations for the stationary distribution.

The conditional distribution of n given age a of surviving firms is given by f,, (a) = £ . (O”(L) . Hence,

fu(a) = (1= (a))y ()"

Hence, the expected log sales of a firm at time t who if of age a are given by

E[lnSt(n)\a]zln;\z—i—E[lnn]a] _ ln;\/]tt—kilnnfn(a)
= nE I=7@) v nny (a)"
=y (57 Linm

Note that this expression only depends on J, T and x.

B.10 The Life-cycle of Markups

Consider the life-cycle of markups. Let p, (2) denote the probability of the product of a given firm having
a quality gap A at age a. If the firm lost the product, we denote it by a quality gap of 0. Hence, 0 is an absorbing
state.

po(a) = (1 =po(a)) (v +9)
Also: firms always enter at 1. Hence, you can only leave state 1 so that

p1(a) = —pi(a)(I+T+9).

Finally, for all A > 2 we have
pa(a) = pa—1(a) I —pa(a) (I+7+9)
The solution to this set of differential equations is given by
po(a) = 1—e (THxa

pis1(a) = (1> I'a (e*(HT”)“) fori > 0.

i!

The distribution of quality gaps conditional on survival is then

Pis+1 (a) = 1Pi'+;0(‘<li) _ <11'> I (efla) '

As expected: this does not depend on 7 nor d. This is a Poisson distribution with parameter Ia, so that E [A|a] =
Ta. Now note that 4 = A®. Hence, the expected log markup by age is given by

E[lnula] =InA x E[Ala]. (35)
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Following the steps in Peters (2018) it can be shows that
E[Ala] =141 x E [aplaf],

where

%Jré <1 _ ef(r+§)u) _ %e*(’[‘i*&)ﬂ (1 _ eﬂca)

E [ap|af] = 1 — ¢—(x+7+0)a -

=3 (1 - e_(TM)Q) — e (TR (1 —emxe) (T+6) e — xe=(TH0)a m( Tt S—xxe (T
1 — p—(x+T1+0)a x (1 _ e—(r+6—x)a) T+6—x

Note that lim, ;e E [ap|a] = =, which is intuitive because product-firm pairs exit at rate T 46 which

makes #5 the expected age. This implies that

. _ I B (1—a)l
QIEQOE[IHV‘”] =InA <1+T+(5> =InA <1+m7+(5> ,

which shows that the expected markup for very old firms is declining in # and increasing in I.

B.11 The Life-cycle of Markups

Consider the life-cycle of markups. Let p, (2) denote the probability of the product of a given firm having
a quality gap A at age a. If the firm lost the product, we denote it by a quality gap of 0. Hence, 0 is an absorbing
state.

po(a) = (1= po(a)) (T +9)
Also: firms always enter at 1. Hence, you can only leave state 1 so that

p1(a) = —pi(a)(I+T+9).

Finally, for all A > 2 we have
pa(a) = pa-1(a)I=pa(a)(I+7+9)
The solution to this set of differential equations is given by
po(a) = 1—e (THo)xa

piv1(a) = (1> I'al (e_(HTJ“S)”) fori > 0.

i!

The distribution of quality gaps conditional on survival is then

b (@) = 1Pi+;170(2) _ <11'> ria (1)
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As expected: this does not depend on 7 nor 4. This is a Poisson distribution with parameter Ia, so that E [A|a] =
Ta. Now note that 4 = A®. Hence, the expected log markup by age is given by

E[lnula] =InA x E[Ala]. (36)

Proposition ?? is shown in Peters (2018). Note that

. 1
all{roloE [ﬂp’a] — m
This makes sense because products are “dying” at rate T + ¢ and hence %M is the expected age. This
implies that
. _ I
algrc}oE Inpula) =InA (1 + T—i—(5>
Also
THo= - (g4 +d=—y+—10
1—a 1-aTT1 -4
so that

. B (1—a)l

Again: the expected markup for old firms is declining in #.

C The General Case

C.1 The Value function

The state of the firm is given by [A;, g;];_;. Conjecture that the value function is additive, i.e.

n

Vi ([80,ai)i2) = ) Ui ([8i,4i]) + ngp
i=1
which consists of the rents from all the products, plus an expansion value of breaking into new
markets. Then

Vi ([Ajf ‘lj]j#i) = Vi ([8i,qi]i=1) = Ui ([8i,qi]) — ¢
and

Vi ([Ajf i) 01 [0 + 1/7\611']) = Vi ([0 qilizy) = Ur ([A+ 15, Aqi]) — U ([Bi,4i])

and

/th ([Ai, i)y, 1, Aq) dF: (q) — Vi ([Ai, qi)iq) = /qut (1, Aq)dF; (q) + ¢ = E¢ [Ur (1, Aq)] + ¢:
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Hence we can write this as,

rY U ([Aigi]) = Y (Us ([Ai qi]) + (r + T+ 8)ngy — népy

1

- LD

Il
—_

1

=1
n

7Tt Al/% Z T+5 ut Auqi]) -
i=1

LU (1A + 13, Agi]) = Us ([Ai 4i])]

'M=

Il
—

1

+m;;1x {nx [0.E [Ur (1,Aq)] + (1 — 6e)EUs (8, wie) + ¢r] — ncX ((;:,1) wt} ,

where x = X /n. Hence, we can write the RHS as

n

Z Al/q u([Az/%D+I[u([A+1u)\%])_u([Au%m]

=1

“+nmax {x (6. [Us (1,Aq)] + (1 — 6.)EUs (6, wii) + ] — c* (;, 1) wt}

~.

Hence, the value function is additive and we can for focus on a single product, which is described by

rUs ([A,qi]) = Ur ([Dqi]) = e ([Biqi]) — (THOU ([Ay, qi]) + T[U ([A+ 15, Agi]) — U ([A;, 9437)

and separately solve for the expansion term

(r4+ 74 )ndy — nepy wm}gx{x[@ﬁ [Ur (L,AQ)] 4 (1 = 0e)EeUs (6, wife) + ¢1] — ¢ <<Pe > }

Solving for U; ([A;,g;]) Conjecture that the value function of a particular product takes the follow-
ing form
u(A) 9

gl —1)+p+T+IE[ploN,QI (38)

U ([A4]) =

We need to determine the function u (.) . Note that Y; is growing at rate ¢ + 1 and Q7! is growing
atrate g(0 — 1). As such, along the BGP we have

U ([A,q]) = g(2 = o)U: ([4,9]) (39)

So for a fixed g, whether profits are shrinking or rising with growth depends on whether ¢ < 2. Now,

using log preferences we have

r=g+p

and combining this with (39) and (37) gives:
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@Glo=D)+p+1+0) U ([Aq]) = m([A,q]) + TU([A+1,Aq]) = U([Aq])]

Using our guess, we have

A+1 o Y A
Ur([A+1,A9]) — Ui ([Aq]) = <g(0—u1§ +p—2’r+5 (Aq) 1) E[pl=]N:Q¢ ! - (8(‘7_1u( )

u(A+1) (M) —u(A) Y
glo—1)+p+7+5 E[u—oNQ/ "

Recall that

Define A = E [4;7] . So then
P
Yi _p {pﬁ_"} A=EN, (40)

or
Y}

PN
ZUtZZES[Hgg}P%<?\A£>

P
where Lﬁt is a key endogenous ratio that we need to solve for on the BGP.

Then

u(A+1) NP —u(a) g7y,
glo—1)+p+7+3 E[u—o|NQI

o=V +p+1+) U ([8,q]) = m([aq])+1 (41)

Substituting for 7t; ([A, q]) and U; ([A, q]) we get that

u(A+1) (V)7 —u(A) 7° 1Y,

(8(‘7_1)+P+T+5)ut([Arﬂl]) = n—t([A’EI])_‘_I g(0—1)+P+T+5 E[Vlfa]NtQ;T—l'

(42)

The optimality condition for I is given by

u(A+1) ()t)‘rf1 —u(A) 7" 1Y,

qafl =
= I
glo—1)+p+T+d E[ulo|N,Q ! cor w;

o—1
Qi

This yields

glo—=1)+p+1+9 E[yl—”]Ntwt@ glo—=1)+p+1+94 @ N;
(43)

I(A>=<”(A“>(A>M‘”<A) i1 >€“:<u<A+1>(A)“—u<A> AN
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where the second equality uses (40). Hence,

o—-1 o—1 o—1 o—1
max { 1% (A+1)(*) u(8) [z Yi — — 01 qgfl Pw; p = (C—1) o1l (A)gwt 1 —.
I glo=1)+p+t+0 E[u! TN QS Q7

Substituting this and our guess into (41) yields

Y ee1 1 Y, 1 .
. H(A) g s (C - el () W,

where & (A) is given in (??). Rearranging terms and using (40) this yields

P —1
u(A) = h(A)+(C—1)ol(A)® (Ai}l) .

Substituting the optimal solution for I in (43) yields

C-Da SN A
(A) = h(A)+ A+ N —u(a ALY (44
o ( (8(0—1) +p+T+06) Q)7 [ | ) <Nf>

P
This is a difference equation in u (A) given parameters and the general equilibrium statistic ALﬁff.

Given {u (A)},, firms’ optimal innovation rate is given by

_(u(A)—h(A) LI\
0= (" ) )

C.2 Proof of Proposition 2: The Stationary distribution of markups

The markup in product i is given by

S, ln( = ) ~
AR A < 52 = A
,ul e ,u(Al) = mln {/\Ai, g } e lné
o—1 T fA>
=
To determine the distribution of markups we hence only need to characterize the share of products
with quality gap A, W; (A).

Consider first W; (1). The law of motion for the mass of products with a quality gap of one is given

by
dW; (1)

dt

=—(+I+T)W (D) +TY Wi(A) == (0+T+T) Wi (1) + TN,
A>1

where N; is the total number of products. Now consider the mass of products with2 < A < A. The
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evolution of this mass satisfies the law of motion:

AW, (A)
dt

= IW; (A—1) — (T4 1+ 6) W (A)

Finally, consider the states A > A. Because markups are the same in all products with A > A, let
Q; = Y55 Wi (A) be the mass of products with a gap of at least A. In the interval [, t + /] this mass
evolves according to

Q=0 —h(T+6)Q + hIW; (K — 1) + Flow of new Products

as all new products start with the unconstrained markups. Because products are created at rate
(z+x*) (1 — &), the total mass of new products is given by

Flow of new Products = N (z + x*) (1 — J.) = Nyth <1 ; 5e> '
e

Hence,
dQy

dt

e

Along the BGP W; (A) and (); grow at rate 7. Hence, the above three equations reduce

77Wt (1) = — ((S—f— I+T) Wt (1) +TNt
Wi (A) = IWi(A—=1)— (T+1+6) Wi (D)
170,} = —(T+(5)Qt+lwt(A—l)—f—fo(lg(se)

Define v4(A) = W; (A) /Ny = v(A) as the share of products with quality gap A and w = Q;/N;. Then

nw(l) = —@0+I+7)v(l)+7
n(A) = Iw(A=1)—(t+1+5)v(A)
— 1—9,
nw = —(T+5)w+lv(A—1)+T< 5 >
Hence,
T
v = STy
v(a) = @”(A‘”

I el T 1_53
- y(Aa-1
© = it )+5+T+U< 3e >
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It is easy to verify that

T I A
Vm>_1<5+l+r+q>'

7—1_56 (n+9).

Now note that

Then
A
v(A) = T< I )A_15858(77+5> I
[\o+T+T+7 I S+1+1% (1+6)+7
A
e mH+d I
1-6 1 I+<ﬁﬁ)
A
+0
— 5 =3 I
T\ ()
1 A
= o0 <1+9>
where
0 — n+o
Similarly,
Lo 1 T< I )Al LT <1—(se>
S+t [ I\S+I+T+y S+14+17\ b
A

- () (5
S+t \\d+I+T+7 Je
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Finally, note that

1 A 1 A-1
Y v(A)+w = 2549() +5e() +(1—6)
= = 1+6 1+6
1 A 1 A-1
= & Z<1+9> o <1+9> +(1=2)
A<A
Now
Z< 1 >A B Ai( 1 )A_( 1 )1—(110)A1_1<1_< 1
= \1+0 = \1+0 1+60) 1— () 0 1+0

Hence, ), 7V (A) + w = 1 as required.
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D Solving for ), ;v (n)

Note that many objects of interest only depend on ) ;> ; v (n).
Consider nn > 2. For this branch we have
(n+1)(t+0)v(n+l)=v(n)n(t+x+6)+v(n)y—v(in—-1)(n—1)x

Hence, we sum both sides starting at n = 2, i.e.

iz(n—l—l)(T—i—(S)v(n—l—l) = iz (n)n(t+x+9) +221/ 17—221/ m—1)(n—1)x
(T+(5)§:2(n+1)1/(n+1) = (“L'—i—x—l—é)f:2 )n—i—niv(n)—xiv(n—l)(n—l)
(T—l—é)inv(ﬂ) = (T+x+5)i n)n-l-iyiv(n)—xiv(n)n
— n=2 n=1

(T+5)inv(n) = (T+(5)Z n+x2v n+17iv(n)—xiv(n)n
n=2 n=1

n=3 n=2

0 = (t+)v(2 2—|—1721/ ) —xv(1).
n=2

Hence,

(o]

(T+86)v(2)2=xv(1)—5 ) v(n).

n=2

Note that we also have
vil)(t+x+o+n)—2Z

v(2) = 2(t+9) (46)

Hence,
v(2)2(t4+0)=v(l)(t+x+d+ny)—2

This implies that

—qiv(n) = v()(t+x+0+1y)—Z

n=2

—qiv(n) = v(l)(t+9) -2

so that
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This is an equation for }_,” ; v (n) as a function of v (1). Note that this implies that

S v (r+d) _ Fox v (040 +9)
v(n) = =
n=1 U n
L ar() S (v (1) —x
n
1 1 )
= 1_(1—av(1))—|—<1_a( —v(l))—x)
If v (1) is increasing in 7 (as it should), this implies that
aanlv(n) < 0.
oy
= S (+9) (47)
R P
1
_ (1%
T <Cl9£ “8)
. n+dé
z = 1—x X. (49)

Define m, = v,n as above.

Start from

My = &My 1 + YMy_1 — 0y

where

T+
n=——<1
T+0+x

X

=— <1
T+0+x <

v

_ Ui
p= T+5+x

Note this is not what we have above.

Let’s expand backwards instead of forwards, to get
My = &My + '}’(amn +ymy—2 — ,an—1> - Z)n,B

My = amyq + y(amy, +y(am,—1 + ymy_3 — Pvy_2) — Pvy—1) — VP
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We can expand backwards until n = 2, so we get

n ) .
My = amyyr+a Y " my—ay" tmy — B Y T o 4+ 9" (50)
=2 =1

If we sum the above formula from n = 2, we get

) oo n—1 ) )
Y my o Z M1 + & Z Z’Yn ]Hm] — amy Z')’] BY. ). ’Yni]ilvjﬂ +) 7"ty (51)
n=2

n=2j=2 n=2 j=1 n=2
= “Zmn+1+“zz7n ]+1m—‘522’)f j v]-+1+m11’y —Démzl’y (52)
n=2j=2 n=2 j=1 - -

Now

[ee] n .
YNy T my = ymp+ (mpy? 4 may) + (m2y® + yPmz + ymy) + ..
n=2j=2

= mzz'yj+m3z'yj+m427j+...
j=1 j=1 j=1

= 1, L

Y n=2
and similarly
oo n—1 )
Z Z 7"*7*10j+1 = v+ (yv2+v3) + ('yzvz + Y03+ 04) + ...
n=2 j=1

w . w .
= n) Y+u) ¥ +..
=0 =0

Now substitute this in (51) to get

o0 o0
Y my :azmn+1+w1
n=2 n=2

Add m; to both sides to get

(e¢]

1 1 & 0% ay
My, — B— Un +my +1)— Mo
—7,1; ! 51—7";2” S 11

e

1

[oe]
My =0 Mysq+a
n=2

n=1
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Add and subtract %= on the right hand side to get

nZ:lmn —zxn;zmnHJr—l_%;_lmn—ﬁil_%;vmwm(l_

Another step is to add and subtract am; + am; to the right hand side, which gives

gk

> A 1 & v—w a7y
My =0y My+-—— 3 my, —B—— v+m1(+1—a>—<+ > 2.
D T =7 P 1- 1=

Now impose that ), ; m, = 1 to get

B « 1 & v—a 0%
1 = a+ ﬁ1_720n+m1<1_7+1 zx> uc(l_,y—|—1>m2

1= n=2
« d 0%
= a+1_7—[31_77;20n+m1 <1+1—zx>—o¢1_ my

Now add and subtract ﬁﬁvl on the right hand side

o 1 v — 1 1
1= —+1- — .
oc+1_7 1_720n+m1<1 7+ ) a1_7m2+[51_7m
Now remember that
7111:’011:7)1
Then
« — B 1
1= 4 41— S S R )
a+1_7 Zvn+v1< 7+ a+1_7) agm
Now note that
LTS x
T4+ x TH+d+x T

Substituting this above yields

1 ¢ g « B
1l = a4+1- v +01< — +1—-—a+ >—m2
P —7,;1 " -y 1-9 Y
1 & 0% B
0 = a—pf——) v +01(—a+>—m2.
ﬁl—m; ! 119 1—1q
Note that from (46) we have that

n(t+x+d+ny)—=z
2(t+9)
20,(T1+0) = n(t+x+d+ny)—2

(t4+6)my = n(t+x+d+1y)—=Z

Uy =
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Hence,

o — oy (EEXAOY 1
2 T+ T+6

Substituting above

1 & 1) 1
O=a—B—— Un + 01 i — a4+ P -V Thx+otn + Z
- 1
Y =1 Y

I - 1— T+ T+
Note that eion
TTX
THX+0+y _ e _ Mt e _ 148
T+5 T:f-‘(‘gf-x T-’[‘y;j;-(‘ys-x a
Hence, remembering again thata =1 —
1 & 0% B 1+ 1
0 = a—p—-r — = -
“a—p —’y,;vn+vl(1—'y a+1—’y> 1% +T—|—5Z
_ . Py - By 1B, 1 .
= a a,;anrvl Aty ) T st
Also .
T 71 w1l _ Bl
= = o=,
THO  THOn e oaq
Hence,
d 1-— 1 1
o= o o o an
= 1—a—a? —-1- 1
= oc—’ng,ﬂLvl( £ “+ﬁ ﬁ)+ﬁz
o= o o an
= l—a—a® 1 1
= w—ﬁzv;ﬂrm( —)+5~
o= « « an
=) v a2 1
= rx—ﬁZanrvl( - “>+ﬁz
an:l 0”7
> 1
= vc—éZvn—vl(l—ka)—kéfZ
an:l
so that
ngn = uc—v1(1+1x)+éfi
n=1
iv S voc(1+oc) 1
adi -
n=1 ! ﬁ :B Ui

the other equation is
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ZVnZZ_V1(T+(S):E—<T+5)V1
n=1 77 77 77
This implies that
= 2
z_(T+5)V1 _ &_Ula(1+a) 12
] ] B p U]
T+6 a(l1+a o2
LS ML R R
<06(1+(X) (T+5)> o’
U1 — = —.
B U] B
Now recall that (e48
(T+9) _ 5oes _x
U i P

This implies that

E Computational Appendix

E.1 Product Size Distribution

To solve the difference equation for the product distribution we truncate the product space from

above an solve a system of linear equations.

From equation (25) we have
vin+l)(n+1)(t+6)—v(n)(n(t+x+0)+y)+v(n—1)(n—1)x=0
v()(t+x+d+n)—-2(t+0)v(2) =z

and the requirement that

iv(n)nzl
n=1

We solve this by truncating the system of equations at n = 7. We use 71 = 20 and set v(71) = 0.
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Write this in matrix form as

1 2 3 4

(T+x+d+1n) —2(t+9) 0 0
0 2x —B(t+x+0)+n) 4(t+9)

I 0 0 0 0

and then solve this.

Finally we have the entry rate from

Entry rate = —
n—1V (1)
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